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An evaluation method for the influence of folk sports

on body indicators based on random forest
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Abstract: With the development of sports, more and more attention has been paid to traditional sports. As an important part
of Chinese traditional sports, the development of folk sports is particularly important. In order to study the influence of folk
sports on the effect of physical fitness, this article organizes a number of subjects to conduct three types of folk sports training
including wrestling, foot races and skills sports for a period of time, and observes a total of 32 representative body indicators in
three aspects: body shape, physical function and physical fitness after training. As for a further comment, based on the changes
of indicators, this article uses changes in physical indicators as features to represent individuals. Random forest algorithm is
used to predict what kind of folk sports different objects will perform in the training phase. In the process, feature selection is
based on information gain to measure impact. Thus, it measures the influence degree of different types of folk sports on body
indicators. In this paper, the influence degree of different folk sports on body indicators and actual impact are evaluated and
studied to reveal the correlation between folk sports and human body functions. In addition, the experimental results show that
the proposed algorithm has higher prediction accuracy than the baseline algorithm.
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Fig.1 The illustration of the random forest based evalu-

ation method for the influence of folk sports on body in-

dicators
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Table 1 An example of measured data of Folk-CS database

Person B =i (cm) A5 (cm) )8 (cm) 50 mAHI(s) PR T (kg) B (kg) 25 (cm)
P, 1 151.5 81.3 68.4 9.5 20.65 60. 2 19.4
P, 2 154.9 83.2 63.5 9 25 48.9 18.8
Py 3 148. 6 79.4 77.5 9.2 19.75 51.2 28.85
P, 4 155.3 84.3 64.5 8.9 22.6 58.5 20.9
P, 1 153.2 81.9 70.4 9.2 25.15 65.7 18.8
P, 2 156. 4 84 65.2 8.8 28.6 55.2 18.2
P, 3 150. 3 80.2 78.7 8.9 24.15 57.1 28.25
P, 4 156. 8 85.1 66.2 8.7 26.7 64.4 20.3
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Table 2 The real order of the impact of various sports on body indicators
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Table 3 An example of Folk-CS database

Person B A R ¥ A 50 m L 14 HwI ON B
C, 1 0.011221122 0.00738 0.02924 0.031578947 0.218729427 0.091362126 0.03145
C, 2 0. 009683667 0.009615 0.026772 0.022222222 0. 144020739 0. 128834356 0.032537
C, 3 0.011440108 0.010076 0.015484 0. 032608696 0.22341629 0.115234375 0.021081
C, 4 0. 009658725 0. 00949 0.026357 0.02247191 0. 181575643 0.100854701 0.029159
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Fig. 2 The flow diagram of the random forest based
evaluation method for the influence of folk sports on

body indicators
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Fig. 3 The 20 body indicators with the greatest influ-

ence of wrestling
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Fig. 4 The 20 body indicators with the greatest influ-

ence of foot race
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Table 4 The classification performance of five methods on Folk-CS dataset
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